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Abstract:Traffic signs recognition as a typical machine vision application,a variety of machine vision algorithms have

been widely used.Convolutional neural network can avoid explicit artificial feature extraction process.Therefore,this thesis

introduces convolutional neural network for traffic sign recognition research,and comparative experiments with BP neural

network,support vector machine,through the understanding and analysis of the experimental results,it can be derived from the

convolution neural network in recognition rate and the training speed were significantly higher than those of the other two

algorithm, and can achieve the best effect of recognition.
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Fig.1 Partial sample image
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Fig.2 Recognition results of CNN
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Tab.1 Recognition results of BP neural network
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Tab.2 Recognition results of SVM
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Fig.2 Seismic waveform data backup scheme
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