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A Research on the Query Method of Time Series Based on Linear Hash Index
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Abstract:With the development of information science,more and more data is generated through different applications.

Time series is an important data type,and the research on how to query time series data efficiently has drawn more and more

attention. This paper proposes a new time series query processing method based on linear hash,aiming to reduce the index

construction time and improve the query efficiency.The experiment results show that the index construction time has been

reduced to some extent.Through the combined method of the K-nearest neighbor and the lower bounding distance in the

query phase,redundant results can be effectively filtered,which improves the efficiency and accuracy of the time series query.
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