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A Study on Target Word Identification Based on Syntactic Structure Analysis

ZHANG Lifan
( School of Computer Engineer,Taiyuan Institute of Technology, Taiyuan 030008,China)

Abstract:For a given sentence,target words identification is to identify a target word that can evoke the semantic scene.

Aiming at the feature selection problem in target words identification.it 1s considered as a classification problem.On the basis

of traditional lexical features and contextual features,the syntactic structure feature template is added to identify the target

words in the sentence.Compared to the traditional word features,the results show that the rate of target words identification

based on syntactic structure analysis is significantly improved.
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Fig.1 Sample of frame semantic labeling results
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2 B#friaR SRR (Target word identification model)
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Fig.2 Sample of dependent syntactic results
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Tab.l Sample of feature extraction
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Tab.2 Feature template and results
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Fig.3 Scatter plots of iteration times and window size
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