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Emotion Classification of Music Based on Support Vector Machine

CHEN Weihua
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Abstract:Now the digital information on the people's life has had a huge impact,for people interested in music for

many songs if information for effective classification,how to classify these music,thus effectively information retrieval is a

hot research in the field of information processing.Through in-depth analysis of the music knowledge,can extract features

vector reaction music emotion effectively,we use the Support Vector Machine (SVM) to realize the emotion classification of

music.The experimental results show that the classification method is accurate and effective.
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Fig.1 Emotion model
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1020: NOTE ON: ch=0, notez66, uel=59.
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1260: NOTE ON: ch=0, note=73, uel:=67. y

Ln 84, Col ! .

B2 MIDISUAF ) 2 4e 5 #5456
Fig.2 MIDI file beat and note information
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Tab.1 Music emotion classification results
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