205593

20175139}% §k1¢1$§5

SOFTWARE ENGINEERING

Vol.20 No.9
Sep. 2017

NEHS: 2096-1472(2017)-09-01-04

BH-Quant& 58 8 (L REEH BN T S RIS 5508
HEF2€, 5Kk PH

(A FAEAR K FITFMFIR, LT 100191)

B E. RS CEESNSPER SO Z A, BENA RS AR R — | SR
MR, FHENINREA SRR, MRk EaR I, ASCEOT T M BRI EALSRI R B SO & IR PR TIA T IRES I E
2, PR TR RESORGERA BT SR, FFR A as Rl T R 2B, BT E R % B TR XU i 45

B AR AURBI BT &

KR S, ldrd ), SRdla

FESES: TP391.2 XHRERIRAG . A

Research and Practice of the BH-Quant Intelligent
Quantization Strategy Aided Design Platform

BAN Zihan,ZHANG Yang
( School of Computer Science and Engineering,Beihang University,Beijing 100191,China)

Abstract:Quantitative trading has been widely applied in foreign high-frequéncy financial transactions,but there are

several deficiencies in the existing domestic quantitative trading platform,such as the single variety of data models,limited

strategies and insufficient auxiliary functions.In order to solve the above problems,this paper designs an intelligent

quantization strategy aided design platform.The platform introduces a deep learning framework,adopts the technology

of the artificial intelligence training model and the design strategy,and presents prediction results through visualization

technology,which provides an aided design platform for investors to select portfolios based on their own risk preference.
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quantization strategy aided design platform)
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Fig.4 Return curve based on HMM regression (taking
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Bank as an example)
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