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The Visual Analysis Study of Healthcare Big Data
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Abstract:With visualized analysis,scientific researchers can imptove the insight to hiding information in data.The

medical data sources are classified into five different types,including general data,high dimensional data,public health

data,management data and evaluation data.The paper analyzes thetintegration@nd conversion method and the interaction and

presentation method of each type of data.But some noticeable problemis still need further studying and probing,such as the

inconsistency of data,the low popularity of human-computeninteraction,and the inadequacy of visualized technology.
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2 T[4 47 (Visualized analysis)
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technology of medical data)
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