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A Study on the Application of Clustering Algorithm on Nursing Management
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Abstract:In the process of traditional healthcare,health care providers are randomly assigned and patients are passive to

accept various treatments.Besides the high expense of medical treatment and the waste of limited medical resources,it would

delay the best treatment time and cause complications,bringing great suffering to patients and their families.By comparing

clustering algorithms,this paper chooses the hierarchical clustering algorithm with fewer priori assumptions.Based on R

Language,this paper elaborates on the implementation process of hierarchical clustering algorithm in clustering patients,and

the methods of using hierarchical algorithm to optimally match the patients and nursing resources,thus providing certain

reference and basis to the scientific nursing management.
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of clustering algorithm in Nursing management)
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