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A Fuzzy Tree Matching-Based Personalized E-Learning Recommender System

JIANG Shuhao,JIN Ge
( Dept.of Information Technology,Tianjin University of Commerce,Tianjin 300400,China)

Abstract:The rapid development of e-learning systems provides learners with vast opportunities to access online

learning. However,too many learning activities are emerging in an e-learning system,making it difficult for individual learners

to select proper activities,thus it is necessary for such recommender systems as to provide personalized recommendations

from products in the e-learning system.This paper first proposes a fuzzy tree-structured learning activity model,a fuzzy tree

matching-based hybrid learning activity recommendation approach is then developed,which takes advantage of both the

knowledge-based and collaborative filtering-based recommendation approaches.

Keywords:E-learning;fuzzy set;recommender systems;tree matching

1 5|5 (Introduction)

TENLM S ARG ZERBORA L, MEGHBEH
FHRA TRKH i, mRRE e, W B
TF) L8 e e 7 ) KR A 27 3] B AR TE AR 2 A iy 2
S E PR R I G AT S B, T S RGN
RERE A 3 A B E R B BOR T8 22 I WA Y] . B AT
RECA) Z AT R, 7 23 p R AR, W
R TEBANE T R F R 55 PR L R, ERARKIA
WaE e, W RARFBRI SR BRI R Rk, AT
TR 2 o) HEE R GTRYRR IR EOR AT SR T T — ik TR
A UC AR Bt vk — AT ] 45 M R AR R o
TR 2E ) R RN S TE S, B RO 5 5 A A BN A 7 )
L, UMV R R T SRR B R IR A T I
S50 BT AR (KB) A H R U8 (CF) B B Mt s, PAK

% B 3] 2 TR SCREARLIER R P [R] Ao A R oF 2 B o 7
45
2 ¥EF A iE(Recommendation approaches)
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3 BFFEIHFZS(E-Learning recommender
systems)
RGO LW T 727 > U, Zaianedg 7 —Fpfl

HEIH . ASCRRBTAEQTH LN E AMEAHETRAERIRE S AL F R HTI” (FESS: 201610069094)F KM L BHAFIR GO E “HFERZ
FEER MR RS R A BIR” (RE 5. 17JCTPICSS100)BF B RZ —.



48 B I

MEARAZ BB IR, AR RIBEALIN 2 I8 A A7 2 A
HEFR 2 2 T B, TR T AL B T2 S A RHERE R ST
HEZRT, R AP AL R B R AE LT3 3 R B R
Mo, BZRY RN T 7R 5 P ERREM ST, ARAE
BEF RS EEE TR S, REAFRZ AEME
KELTHRHRR MEREF AR T2 LRV H, (HE
R Bz B RS 8 B R B, KR LR g . U
ROR IR B2 B GE R IF RN RS, MRS R
T H 9 P R i BRI AT AR . AL RCR A B IR AT
7ot i, R RS,
4 EHIRPR BRI AR IL AL 75 £ (Fuzzy tree
structured data model and tree matching method)
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sc(t1[il,2[j]), Fl[i]=@,F2[j]=¢
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5 Z=3ETNREMPTIINEEFI(Fuzzy tree structured

learning activities)
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Fig.1 Learning activity category tree
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Fig.2 Fuzzy category tree of the subject business intelligence
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6 FIEREERIFLEFI(Fuzzy tree structured
learner profiles)
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Fig.3 Structure of a learner profile
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Tab.1 Table of fuzzy numbers for learner requirements

VLR LR MR HR VHR

(0,0,0.25)
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(0,0.25,0.5) +.(0.25,0.5,0.75) (0.5,0.75,1) (0.75,1,1)

sv(vr(tr1 [i]),vr(tr2[i])), vr(Fr1[i])=0,vr(Fr2[i])=0

sv(vr(trl[i]),vr(Tr2[i])), vr(Fr1[i])=0,vr(Fr2[i])#0
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sfem(Tr[i], Tc[i])=
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sv(vr(tr[i]),ve(Tc[i])), vr(Fr[i])=0,ve(Fc[i])#0

(4)
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7 BT RAHREA ENEMI LA 7% (Fuzzy tree
matching based on hybrid recommendation
approaches)
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8 45t (Conclusion)
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