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A Machine Learning Based Recommendation and Evaluation Method
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Abstract:The effect of internship experience isra-key factor of ability training and employment for college
students,especially for IT majors.It is an effective way to.improve.the practical effect of business internship by integrating
the resources and business characteristics of the firms with the expertise and interests of the students.This paper proposes
an internship recommendation and evaluation, system for IT major students based on machine learning methods by using
college's internship and employment data as sample ‘data to generate the recommendation model and the evaluation
system.The findings show that the system can provide more objective decision-support information for the organization of
internship,and improve students' internship and employment.
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Fig.1 Diagram of recommendation system for aided

decision—making
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Fig.2 Schematic diagram of fuzzy association rules mining
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