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Abstract: At present,information-based and experiential teaching online and offline classrooms can capture a large

amount of academic behavior data through mobile terminals,web pages,and embedded devices.The topics in many research

institutions includes how to collect the various academic datagénerated online and offline,and how to use the characteristics

of the collected data in combination with mainstream big data application technologies to process,analyze,and mine useful

information for decision-making by educators or educational institutions.Based on the development of the current academic

behavior analysis system,this paper introduces big data technology,designs an academic behavior analysis system based on

Hadoop,proposes a design of an analysis platform of data mining parallel algorithm based on academic behavior analysis

system,and implements a data-based smart'éampus platform.
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