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Research on the Ant Counting Method Based on Image Processing
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Abstract:For the difficulty of counting artificidl ants at present,this paper chooses an image processing method to
achieve the automatic counting of ant images Firstly,a series of preprocessing,such as image graying,image sharpening,image
binarization and morphological processing,are‘performed on the collected images to reduce image complexity and achieve
image optimization,building the foundation for the accurate counting of the final images.The method of connected component
labeling is used to mark and count the‘processed images,and the results are displayed in the dialog box.It is shown that this

method has a higher accuracy of counting and better results.
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Fig.1 Image processing flow chart
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Fig.2 Original image
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Fig.3 Grayscale image
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Fig.4 Median filtered,image
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Fig.5 Laplace sharpening image
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Fig.7 Morphologically processed image
4 BE{&it#(Image count)
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Fig.8 Maerphologically processed image
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Fig.9 Connected component, labeling
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Fig.10 Count result
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Tab.1 Count result

GV G2 LD VUSRS e VO S U T Ve SIS T IR R S
1 28 30 93.333%
2 43 40 93.023%
3 47 47 100%
4 35 36 97.222%
5 52 49 94.231%
6 53 53 100%
7 40 41 97.561%
8 37 38 97.368%
9 45 46 97.826%
10 56 53 94.643%
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