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Abstract: This paper mainly discusses the design of the big data collection and analysis framework for water supply

in the field of Intelligent Water.At present,there are problems in the data collection of water supply,such as low real-time

data collection,difficult storage of large amounts of data and complicated calculation of big data.The big data collection and

analysis architecture designed in this paper adopts the Service-Oriented Architecture (SOA) concept and applies different

Internet technologies in a service-oriented mode to solve the above-mentioned problems,thus meeting the business needs of

real-time collection and analysis of water supply data.
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Fig.2 MongoDB sharding technology
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Fig.3 Netty framework
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