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The Active Learning Based Data Cleaning System

GUO Kaiyan, WANG Hongya, CHENG Weidong
( School of Computer Science and Technology,Donghua University,Shanghai 201620,China)

Abstract:In order to enhance cleaning capability of the model and improve data quality, ADC (Active-learning-based

Data Cleaning system) uses active learning methods to partially utilize user interactions during the process of efficient

cleaning. ADC contains two modules:the learning module and the selection module.The learning module maintains a

probability classifier,calculates certainty (how the model determines the repair result),and uses certainty to make decisions

for data repair.The selection module runs a data selection algorithm,which selects the data that is most uncertain and most

conducive to the improvement of data quality,and then sends the results to the user for cleaning.Following this the selection

module selects the clean data with high classification contribution to supplement the training set,and then gradually enhances

the repair ability of the model.
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Fig.1 System structure diagram
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Fig.3 Actual user engagement
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