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Similarity of Long Novels Based on Common Word Sets

GUO Tao,BA Yuanjie,LI Shaoang
( School of Computer Science,Jilin University,Changchun 130012,China)

Abstract:Traditional text similarity computation is based on Vector Space Model (VSM),where the text is mapped

into independent and unrelated words.Because novels have more complex elements and much closer context than ordinary

texts,the traditional algorithm ignores the context of the words and produces the high dimensional vector,so that the

efficiency and accuracy of the algorithm are not ideal.For this reason,this paper calculates the similarity of the novels based

on the common word set,and carries out the context constraint check on the common word set to achieve a more closely

related word set as the main feature of the novel.The experimental results show that for some types of novels,the effect is

greatly improved.
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Segment 1:With the rapid development of Internet

reporting ,data mining is being widely applied in
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many areas,which brings more power for economic
development. . .

Segment 2:By collecting data and information from
multi—dimensional tools,workers can locate the location
accurately and start mining gold mines. ..
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Tab.1 Data set

psi Bk
Adventure 8
Children 15
Mystery 9
Romance 6

Science Fiction 9
Social 7
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Tab.2 Comparison of experimental results

p s EFHA  SBRHA S RS FEIES
Adventure 5 7 8 0.71 0.63
2 5 8 0.40 0.25
Children 11 14 15 0.79 0.73
6 18 15 0.33 0.40
Mystery 5 7 9 0.71 0.56
3 8 9 0.38 0.33
Romance 4 4 6 1 0.67
2 3 6 0.67 0.33
Science Fiction 5 8 9 0.63 0.56
1 7 9 0.14 0.11
Social 5 14 7 0.36 0.71
6 13 7 0.46 0.86
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