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Abstract:At present,more and more people are reading novels,which contains great commercial value.The research

field of text clustering is also advancing by leaps and bounds,but for the real practice—novel clustering,there are few related

researches.This paper uses a method based on social network in the novel to cluster it.The method first extracts the social

network in the novel. After obtaining the feature vector of the network, it clusters based on it and compares the result with the

division according to the author of the novel. The experimental result shows that the method can reflect the different writing

styles of different authors to a certain extent,the effect is acceptable,and further improvement is possible.
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4 J+E 5823 (Calculation and clustering)
4.1 FHEERE

AT DABARFAE S P, 55—y B 25 B FR FMRRALE
HigmaEs ., ERAH. MEHFEREKE, BER. £
TR RS, ERXT/NEME, HER AN
2, FARNTEN %% Bt 2 46hR, —L88 % Bt 2 ainf
FEBRMEMELO, WAMILE, %%, BEX e, FOTA
ST NS I R S, AR T B,
42 B3

ARk —meansHIEHATIREE, B2 H Bl A YR
FRWEZ—, MRV AR ZH—MELEEE, HAKSRE
FILAGR R 2L PRI R L, IRIEN R S5O
PEES XTI E R4y, MRS IE, A R Ak
S, TEFET, KB EBIRE T EE AL, IR
REEE T REVGE R RAME, MR R A ARKIEE, Bl
ok ) e 22 ] P A ] i A A ) A% B SR Al R R ) 22 K
AN, A h
it XiYi

VZiz1 Xi%  Zit, vi

cos(0) =

5 SCIfS(Experiment)
5.1 SEESER

AT 65 f /M AR, AR BAER R R
RLOECER. BE . MOEHN, BdRENEL

=1 BIBE
Tab.1 Data set
PR ik
RTRE 20
Eoy s 20
e 15
EEN 10

5.2 FEMERR
ASCEFR M LB =R A HERR . R ST,
{H,

Wewi. =5
A%, R=1

2PR
Fyff: F—measure = —

Hr, A%%%E@%L‘%%‘JH%H%/J\%%& BEIR IR/ ULEL,
CHRINHH KA/ MA AL,
53 MR

T RATRER > B0k B WAAER, HITEFRATRIRE
BT, Rkih4, BARERFALIAR/NLT AN,
FATARE R E A IR 2 B/ NAEE A Z R AR %, JF AL
YERP R EME . AV IT SRR, A, F_UE, I
FAE N FATEVERIKIE . LR AR IR 2R,

xR XRHER
Tab.2 Experimental results
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Eoa 0.50 0.45 0.47
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