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A Depth Image Real-Time Image Inpainting Algorithm
Based on Window Filtering and Mean Filtering
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Abstract:As an input device of video images,Kinect can obtain the depth images of successive frames.However,there

exists the issue of edge holes and random jitter of pixels in the depth video images.In this paper,the weighted window filter

and the non-zero mean filtering algorithm are proposed for the successive frame depth image acquired by Kinect.Firstly,the

depth video image is repaired by the proposed weighted window filtering algorithm.The image is then smoothed and the

noise is eliminated by using an improved non-zero mean filtering algorithm.The experimental results show that the algorithm

can more effectively remove a large number of jitter pixels in video images and smooth edge information than the algorithms

of bilateral filtering,median filtering,mean filtering and Gaussian filtering.The algorithm ensures a high frame rate of the

video input.
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Fig.3 Result obtained by.the algorithm in this paper
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Fig.5 The result of the original image and five
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Fig.7 Static scene frame difference map of original image

and image processed by the algorithm
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