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Abstract:With the continuous development and maturity of information technology,data center construction is one of

the topics worth discussing. This paper analyses the challenges faced by ETL in the era of big data,puts forward the ideas and

measures to solve these problems,studiés and designs the distributed ETL scheme of enterprise data center,and discusses the

key technologies of ETL,data Vault mixed data modeling,exception handling and guarantees.
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Fig.1 Distributed ETL architecture for enterprise
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Fig.2 Data Vault model architecture
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Fig.3 Data processing center architecture
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Fig.4 Unified job processing flow chart
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