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A Method on Domain Dictionary Construction for Object
Mining on Commodity Comments
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Abstract:Enterprises hope to be aided by object mining on comments of their products,which reveals the clients'

concerns,to improve their manufacturing. This object mining also makes sense to subsequent consumers while they are

making their choice.Therefore,it is significant to mine objects of a comment.This paper proposes a method on domain

dictionary construction for object mining on comments of commodity:Firstly,a method based on the LDA model,a basic

domain dictionary is proposed;then,the domain dictionary expansion methods based on the PMI value of words and

dependency parsing are proposed respectively.Data applied for experiments in this paper is from detergent sale data

of JD.COM.The dictionaries are applied on this data set for the first-level and second-level label object mining.The

experimental results prove the proposed method’s great potential in object mining.Compared with the first-level label object

mining,the extensive dictionary has improved the second-level label object mining.
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e, TR B SCRIZYR A R A R AL SR g, B SO
PR AR P TAATN ,  PASA ] ) 28 AR B o ik 93
TR,

SCAAZYR R — A M ISHUBL Y SCAR B 4R & A2 18 H T
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Tab.1 Commodity comments and evaluation objects
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R, VAN, i
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VERBORR 2T, WE—KR!

BRI B AR,
A EET = Ul Uy R R T i 2 BIG— 41 o
SUESCASES, AEAA=1a,a,,....a,  RFREST T REW
KmPp Mg, B R BRI i, WL A A2
VEARW = A5, DASAMEE BT i B

T8 X 5 ARl s R DR G, AT AR 2 e T T
HPPEM RIS, B, XEEE EET MVHITENTRE ‘K
W7, ORAEE “PEARRCR” MATFMT SR CTEEROR .
R, 3200 ot PR X0 5 10 e ] i Db R AL S A NP X
SR RS A, SR DR R bR s (D).,

D ={(a,WS)|1<i<m} (1)
Horr, WSRIFNRTGa vt B & g A, Ho o Ra
RER ML, AT AR 2 MENC AR iR 4.

W, AR B, B0 R R E, BT
MBI SCAR AT, MR D, W] DIE AR
F:T—> D,

4 EHikiidr(Algorithm description)
4.1 MFETUSEA R 8L

e BRI AT = Ul td HE AT LT AR
W, BAWEREMRTHECEWITMIT R, LR
XSG PE XS G SCAS s AR BT X R g R — A,
WA, RT3 BUN - IrEEs
A ={(ay,c;)|ay € A,y et} FRERURBIANZ2 BT R, % ICA
FRvE T OANAREE, 4r 5 “SEURIREE”  “VERBCRT “#
& W/ ESEE” ST TS, AR EAR S
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b THEACR ., WL, Wi/ RS

e e |
Tab.2 An example of labeling

RBISCAR [
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TR SCRIRRERE . BERIIE SCAEATH 1AL Alw,, 4 X W
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A7 AR AT X0 TR S EAT T . ARAF )R Al a3 A
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Fig.1 An example of dependency parsing
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LAREIFIEN X G — BARE M S5 H A — R b
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3240055, ZJEM AR SREHRHETIRE, EN A s
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W, B—FESUAT AEE 2 MEMATER. BT AN TR
GG, ARG R AT T B A, FERE 2
—WEERHAT T BRI, R RE, FERITEeHETS
T, R R AH R 5 Y )

AL TAEY R A Python 3.5 = LI, i fPyCharm
&k THE, B#ERS% Windows 7, VAR EEEIE R
MongoDB# i 77 .

52 SRR

AR SCHRE T D 1] TR i DAY X SR A7 1Y S ] S A
F¥E, ZITEFA =8B BT LD ABCAY A 4R B il 3R]
B ETPMIY SRR M vk s BT A A
PRI IR, EAE, 2916045 CARTER AR AL #
SIS ZJE, HARIRAY3240 5B IEAT R BRI 5 dE
PHSEIe, R0 VIR AL ST R L

BT IO X RAZHE R — D2 ARE KRR, B AR
I f# FiMacro—averaging P 8 A7 R A P40 R A2 4 S K g
SERVEATIPAL . Macro—averaging J8 b 1 55 0] 4% JE ) 7 2 45
RAATIEAL, SR)E BB A 28 PR 4G 45 2R i (VR B 1 7
fE4E 3R . Macro—averaging f1 =4 B ARI8 -1 % . Macro_
P,Macro_RFMacro_I', 15 )i EmM=(9), R(10)F=(11)fr
Ny TRRSEFREAETEN XIS, TR WA & HEEL
FRREZAGETFNNT S, BRENEERAE SRS
FN 2Bt v e, TN AR A6 & a i e %L

Macro P:lz TR )
- m‘=5 TP+ FP,
1 TP,
Macro R=— . 10
- mgTP[. +FN, (10)
2- M P-M R
Macro F = acro acro (11)

Macro _ P+ Macro _R
ARSI A TR A Tl D, g, (T PMIYFE IR 1Y
GUIF S (LD A+PMI)., SR TARTFAIA T 38 5 i e i)
H(LDA+DP), HFPMIFRLF AT I A I8 i Sk
JHLDA+PMI+DP)3& PUF AT IO X SAZIRIR, FFAT LK

S5 A SCRYSEIR R AT 2R B R PR R R AT A A, —
g —PAREFM SR, —FR SN RTR, AT
R AR PRI R TIZ IR
—RAREVE X A IR, A HR T ESET
ST TS OCHRT IR CPuB” TR
BT OTERMINT . BT PMURWRAE AR S5 W Al k8
75 (LD A+PMI+DP)# —Zbn & 4 i SL ) — 7B 2> AN L 3 it
A, BT R R CHiE” PR 5 R ER 431
AR,
RIY REN—RFEREHF L —EBD
Tab.3 A part of the extensive first—level label

%

domain dictionary

igiiedE 3 WAL

LN T, K, WRH, B R, P08 &, K O, K F
iz B, W, POL G, JNEF, BCIESY, MR, RS, PR BT

—RARE PN AT LI ZE R ANRATR . ANFRATPHY
ZERTDAE L, 5 OURAERR LD, M, BT PMIJ5 A M
WA AL T RS 58 )5 R S g Macro P bR i R4,
Macro R8T iR, skt Macro _FIa s Bt
DT, U AR SCER H TR S S T AN — b A A ] i
HUR AR RE A BT Tt Y, B i TR MR R, BB
WARAEZRRA, SEERHRER, FRNTAER, &
HAE ] — PR L ST IR 0L T, BT RAE A 2 A R
Uy FEIT R T BT PMIRIA LY 587538 PR SE 77 VA #D
I Macro_FHaA5R AT VAT B e, AT 68 Uk R fik 7]
LRI 719N 2 BARYIE S IR S T DASR T — A
BV R SAZIVERE, (BRI AR,

Fe —BHRENNMNREZRELLER
Tab.4 Result of the first—level label evaluation object

mining experiment

Wi R At 5 X Macro_P Macro_R Macro_F
LDA 0.793 0.674 0.729
LDA+PMI 0.778 0.694 0.734
LDA+DP 0.782 0.705 0.742
LDA+PMI+DP 0.774 0.723 0.748

TR VRN X RA 69K, — PR B AN X S Al 43

M. Ho “FWHR” Poh T “FWROEER)” AR
WA IR”  “RIEWA A IRT  PEARBEIERT KR
MR BT Bih T PECELR)T WL/ R SR

BET CPREB T CBREBTRMT CBREART o BB
Y FUJE I R A U A A — A MRS R, U T
CEFBRT M CPRIET SEPTRR PO TR AT A B LIS X SR
AR A AL
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RSV REN R REFTE RN
Tab.5 A part of the extensive second—level label

domain dictionary

VRS WL AAAL
ARCELD) iy, WACH, Wi
FTIF R B A R 7 &, T &
RIS IR R ok, R &
VEA I A A VA A, Ve A
WA e Y 7 R WA Uk, WK, WK R
PR (EGE) B, Y
W/ R K F, PRiE RR
i 2 i 427, Pud BT
PR B BUMg, P
SN ANFE, PR B

FERSHIRIM AT AR, R3IPRER LR —IF N4
HIIRCAER S O I BUAR F B A 5. R, MRZ s
SRS R R G PR AR S, BRI,

TR R AT LI AR AR OFR . ROTHIS
BRI -5 RAT RIS B, 5 —FhpsE
TN X RIZIR A RIS A L, AR VRN R AT IR 5L
WA RS TUHRAR S A B T e, FRAFIR 61 SL R0 45 R AT 0
R AFE H, M T —ShrZ it Sz I8 sc g, 9 EE
AL ARSI X AT SE B A Macro_FHatnA B4
T, AT R A U R ML R T T 4. 2%, X EME A
SO B TR S TS T AN AR AR T X R A S A R
MR, BTRZE PR X R A R 5 & iR AL
%, BASENCE D, RO TR 204 70 403, 1) B T 5 2L AR 2
UERE PR SR  GUR

F6 _AHRFETNNRIZEIRER
Tab.6 Result of the second—level label evaluation object

mining experiment

IHLLN ALy Macro_ P Macro_R Macro_F
LDA 0.684 0.577 0.626
LDA+PMI 0.656 0.649 0.652
LDA+DP 0.669 0.663 0.666
LDA+PMI+DP 0.645 0.692 0.668

6 ZEit(Conclusion)

A SCHR W T — R [ R TR A X S 2 A A ) A
W, IR ROR BT R WO S BOR E IEHT T RN X S35 48
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