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Infrared Face Recognition Based on Compressed Sensing
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Abstract:As a new data acquisition technology,compressed sensing theory uses non-adaptive linear projection to

maintain the original structure of the signal,and accurately reconstructs the original signal through numerical optimization.

In this paper,a pattern classification method based on sparse representation is used.By extracting all the information of the

infrared face image as the features and establishing feature matrix,the face to be recognized is taken as compressed sensing

measurement value,which is reconstructed through the orthogonal matching pursuit algorithm.Finally,the face is recognized

according to the category of the reconstructed sparse coefficient. Experiment results prove the high accuracy and effectiveness

of the infrared face recognition based on compressed sensing.
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Fig.4 Schematic diagram of sparse coefficient
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Fig.5 Final result
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Fig.7 Schematic diagram of sparse coefficient
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