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Abstract:Based on the previous studies of personalized recommendation,this paper proposes a combined

recommendation method of user context and text content,constructs a user interest matrix model,and designs a personalized

recommendation system.This system can provide push service for users according to their preferences.The system is

composed of mobile terminal and cloud platform server,in which the mobile terminal collects user information and displays

recommendation data.The server collects data from mobile terminal,launches data analysis,builds user interest model,obtains

recommendation content with text processing technology,and pushes it to mobile users.
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Fig.1 Principle diagram of collaborative filtering
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Fig.2 The text—based treatment
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