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Research on Vocal Music Based on MATLAB Spectrogram
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Abstract:Spectrogram is a kind of time-frequency graph with important practical value in speech analysis and speech
synthesis.It can reflect the dynamic spectrum characteristics of speech signals and is regarded as the visual language of
speech signals.The horizontal coordinate represents time,the vertical coordinate represents frequency,and the value of pixels
corresponding to time and frequency represents the magnitude of energy value.This paper deals with a small segment of
speech signal and music signal,which are finally presented in the form of spectrogram.By analyzing the spectrogram,we can
judge the speech signal and music signal,and detect whether the speech starts or ends.This method is easy to distinguish the
useful sound segments from the noise segments in speech signals.It is proved that the change of frequency domain energy
and zero crossing rate of pure speech signal are greater than that of music signal.The energy spectrum of music signal is
more stable than that of speech signal.
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Fig.1 Flow chart of the implementation of the spectrum
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Fig.3 Short—term energy function of music signal
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Fig.4 Short—term average zero—crossing rate of the voice
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Fig.5 Short—term average zero—crossing rate of music
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