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Abstract: In view of the fact that most current algorithms directly extract the entire face when extracting face features,
and ignore local detailed features, this paper proposes BPBN, a face recognition algorithm that uses the LBP operator to
divide the face image into blocks and then combines it with deep belief networks algorithm. First, the face image is divided
into blocks, and the LBP is extracted from the divided images for statistics, and the generated LBP histograms are combined
in a certain order to form a new feature vector. Secondly, the obtained LBP features are used as the input of Deep Belief
Network (DBN), and the greedy algorithm is used to train layer by layer, and then the back propagation (BP) algorithm is
used to optimize the trained deep confidence network. Finally, the trained deep belief network is used to recognize faces.
Experiments on the ORL face database show that the recognition rate reaches 96.0%, significantly improved compared with
the traditional principal component analysis (PCA) algorithm integrated support vector machine (SVM) method, which
indicates that the method has better face recognition results.
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Fig.4 RBM structure diagram
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Fig.5 Face recognition model
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Tab.1 The experimental results of BPBN

M5 FaJZ LB HEFZ) I I FECS)
150—150 92.1 145.46
200-150 94.2 294.97
BPBN
250150 96.0 341.19
300-200 95.7 633.51
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Tab.2 Comparison with other methods

M5 % LRIESCD)
BPBN 96.0
PCA-SVM 88.5
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