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Abstract: Relevant issues in the legal field require professional legal texts. The text resources in the judicial field can
be used to deal with the legal questions concerning contracts raised by users, which can greatly reduce labor cost and save
social resources. In order to more intelligently and efficiently respond to users' legal claims in contract law, this paper designs
and implements an intelligent contract law Question and Answer System (QAS), and proposes a deep learning model of
intelligent QAS focusing on contract law based on the technology of joint classification and matching of Text Convolutional
Neural Network (Text-CNN), which can classify different texts of contract law according to their characteristics. Experiments
show that this model is suitable for intelligent question answering in the field of contract law.
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