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Abstract: The combat effectiveness evaluation of electronic warfare UAVs is of great significance in the future
intelligent network information system.’Aiming at the existing problems of complex influencing factors, small samples, and
nonlinearity, the support vector machine algorithm is considered. In order to improve the efficiency and effectiveness of the
evaluation, strong pseudo-random and self-regularity chaotic system firstly optimizes initial particles of the particle swarm,
and then uses the chaotic particle swarm to optimize the parameters of the support vector machine, which improved the
overall evaluation efficiency. The simulation experiment results show that the chaotic particle swarm-support vector machine
model camyaccurately evaluate the combat effectiveness of electronic warfare UAVs, and has good calculation accuracy.
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Fig.1 Chaos—particle swarm optimization
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Fig.2 Diagram of forecast result analysis
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Tab.1 The three algorithms predicted the relative errors

of the results

BRSNS 21 22 23 24 25
APSO-SVME -10.38  —4.81 3.40 3.04 8.37
LS—-SVM# ~7.00 -3.01 7.99 3.54 -11.13
ARCEE 3.57 -1.64  —2.01 -1.18  —2.60
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Fig.3 Relative error analysis diagram
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