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Abstract: Traditional natural language pf@bessing systems for machine learning rely heavily on manually marked

features, which are extremely time-

sun"g and prone to difficult problems like dimensional explosions. This paper
proposes to use CNN-based (C al Neural Network) deep learning technology to solve this problem. After hot
topics on campus are collec eprocessing and generating word vectors using word2vec model, CNN is used to extract
dencies. Through experimental comparison, the emotion tendency classification based on

0, Which is 7.3% higher than that of traditional Support Vector Machine (SVM) and has better

features and classify emdi
CNN has an accuracy o
classification performance. This research plays a positive role in the modernization of university governance ability and
governance system.
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(University network public opinion analysis

system based on deep learning)
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Fig.1 Framework of public opinion design system in
colleges and universities

2.1 HIEREER

SR T A% R M R IR T T I % B R, A SO
A1 2 R0 45 1€ HURTHE E s 2EAT B IR B, i BATEvE 2 )
TEA ARG BRI & ol AR R AT 55 2 AT
£5%5, ABCs 2 A IE R MO 52 Al s 32 36 3@ 1 1) 4 3 )
55 4% R AR, PR NS I AT B e . A EE
@,ﬁ*%ﬁﬁ\gizu 7. ST, AR A
AbFRLE, fETUARHY PRAR S LTI s B E R
T2 Kt TR A BE AL BN AT R AL R

2.2 MR

%’—%N@EX%EXB@é@iﬁﬁ?&%%%%ﬁiﬁéﬂﬁﬁ%

1173 40 T 38 7 51 o pl T o SO R Y 3R T 2 TR A B
T B AE BATAE— e (5 2, TR AR TUAL BE Y BEEON
AT KBRS R,
(D)2, SO AR AL PR — AN Bl B, i T
SCR) T ANV IS AR S R Z R B i o R AT, R
5 22 M A S A BRI V2 0T . AR R SR A
REREIN B 4700 B ARG F AL BERCR , BT AL B AR A2 e
LA ARSCRE T A fjieba i &, Eiz A
W TEPR R A R Bk, il shS Mk, S EE R R
FIAABCAMR R X ATE R L B3 6 MM
KAEAT WG, R AR SRR TR, R
A A OB AR S,

Q) ZfE R, oA AR AR Z G, (B
Hpf iR g b 3, W M7 77 B %, b
A—RCTRF, BT, RS E, XREEE, X
RERAG S, FRHERENHERRN 6, AR
M_EBA B, X s TOREREEE"  “E R iR
SXMERERGFREE, AR T —MUAL,598 M
A . e A AR, TS 2 AR SRR R 2
(R, AR A B MR, DA BRI AE R 4E
P R B
23 XAMSHART

PO B i SCA R — AT AL oA B AL B AR S5
B, BRGNS — &, A SR Word2vec




24555113

O BT IR ) BB BORTE m R A B R BT 61

1A [ B TH R SO B e il 3A ) B, DAE TR 2% e o)
Word2vec/2MIKOLOV % A4 th e fy— i SCA i X
7, AR AR BT IR I 2 A AR B ST, BR—
FORFRRAE N L EE M B R TR, BEIEZCBOW
i Skip—gram, {#iff] T Hierarchical Softmaxz{# Negative
Sampling fg Ak 173%™, Word2vecHE 15434 B — 4
KYER) S m &, R & 17 53R 2 AR X R, 4249015 517
Z AR AR o

AR SR CBOW R A7 1] () R, @ dg AR
R3] B _E T SORH 56 3R] %8 R 14 ] o) S f 3500 4 HE AR AGE 1 14 1] 1)
#, JACBOWHALIZhin] &, B eTEMIEHRE Y —K
WHEER, RPN ENE A REILR R & R e Ry
ETAIR R S0 [ = A CBOW, FHBEZHTEN, 3|
BEIEPRRR SN, IERE R EAM A A, M
SE RO R RE R AT, Y ZREE RS ST AR & b A5 2
B — AT BTG R A 1] [ 4
24 REFIBERTEER

AR SCR 8 B 28 ) 2 A R fft e o ST SR ) 0 BT 1)
B, R Word2veckE Ak J5 14 1] 1] B R A A 6 AR 22 I 25 1)
A NEEE SRR, s AR AT
BATFERHEM B4R RFTEEIERZ fReL U s AU H

WALz a2 R 5 R IE R FE RCT R RCR,
iz ik (Pooling) 15 1 AT LA /INE BRUZ 7 A 114 1) 1) 2 AR
MYERE, SR BRI R T, AR A Aot
etk PR, KB RU2 R IR AE R 2 s T A R X
s, RS T IO ME, BN A TR, i 4
e BT PEARFFAL AR LERE ,  BEAARAE RS X Hi A ] ) )
(AR R, SRR L PG,

2x2 XA
R KME
[—— ]

m

R AL
Qim pooling
EERZ: kL PHEMETR TR - &
HERZ R PR AGY  AER R BRI AR IL 2

S m’éﬁﬁ%éﬁ%%/%ii/l\%ﬁ%ﬁ?ﬁ@lT(i%fd%T), G
B0 W RS B 22 P 454 R BRI B RPAE, ISR

=

SYAAH, VI B RRBR I P %%ﬂ?ﬁﬂéé@fé() =1 »

R—MZENNEZIMEML, difi AZ(Input Maye
#FHZ(Convolution Layer). #fk)/Z(Pooling Lay; r%
B2 (Fully Connected Layer)Fi%iH E(Output l@éﬂ

Hoep B B2 Mt AL 202 SE U IE SR B REAT A DR, 454

WE2ER,
FFEW A
HAFEA
B
O =
L 7N

Fig.2 Structure of Convolution Neural Network
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Fig.3 Convolution layer with multiple convolution kernels
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Fig.5 Input and output of full connection layer
3 LW 5#ER S H7(Experiment and result analysis)
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Tab.l CNN model training parameter setting
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Fig.6 Acc curve and loss curve of CNN n
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Tab.2 Comparison of experimental results

fom LRITES LIRS E|ES F1{i
Word2vec+CNN 89.76% 91.80% 91.48% 91.66%
Word2vec+SVM 82.46% 95.44% 75.23% 84.14%
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4 Z5i8(Conclusion)
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