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Abstract: Road interruption: liability and other route selection problems fundamentally affect rescue work
efficiency. Aiming at these prob
with MATLAB (Matrix &,

used to determine the fa

paper proposes to design an optimal route model for emergency rescue vehicles
, based on data from urban traffic road network. Hierarchical analysis method is
cting emergency rescue. MATLAB ant colony algorithm and ArcGIS platform are used
to construct urban road network elements, emergency facility positioning and solving emergency rescue vehicle route
optimization results. Through real case analysis, the proposed model can analyzes rescue route results and efficiency

differences when changing the element information, objectively evaluate urban emergency rescue capacity, which provides

feasibility for the route optimization of urban traffic rescue vehicle.
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2 FIREK1ZE L 7% (Vehicle routing optimization

method)
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Fig.1 Principle of ant colony algorithm
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Fig.2 Road network map of the study area
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4 MATLABHLEEZE 5 $T(MATLAB optimal path
analysis)
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Fig.7 Influence of ant number on algorithm
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Fig.11 Optimal route map of MATLAB ant colony
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