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Abstract: Aiming at the text structure &porta mformation distribution features of civil judgment documents that

are different from news texts, this paper propos
on BERT (Bidirectional Encoder

methods. Firstly, important mod
method to preserve the te
extractive abstract mode
the final abstract. Experi

grained extraction or fine-grained extraction.

a structured civil judgment document abstract generation method based
ent*n from Transformers), combining coarse-grained and fine-grained extraction
ation is extracted from the judgment documents by the coarse-grained extraction
re. Then the BERT-based sequence labeling method is used to build a fine-grained
ion of important modules is further extracted based on the sentence level, so to construct

s show that the proposed method has better abstract generation performance than single coarse-
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Fig.1 Structure of civil judgment documents
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Fig.2 BERT pre—trained language models
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Tab.1 Text length statistics
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Fig.4 Abstract model of judgment documents based on BERT
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Tab.2 The ROUGE score of the model on the test sets

ROUGE-1

ROUGE-2 ROUGE-L

fgem

P/% R/% F1/% P/% R/% F1/% P/% R/% F1/%

Lead—3 8.21 5.39 1.00 1.08 0.06 0.12 8.84 1.12 1.97

TextRank  36.87 39.77 37.10 18.24 19.34 18.20 31.44 32.05 31.03
SUM_extract 58.05 26.06 32.61 25.92 12.97 15.63 57.08 25.33 31.78

BERT_SUM
(class)

BERT_SUM
(Trans)

35.15 27.62 30.04 12.81 10.45 11.18 23.59 19.60 20.89

36.03 30.16 31.86 14.03 12.07 12.59 24.85 21.47 22.52

BERT_SUM

(RNN) 34.64 27.18 29.58 12.51 10.26 10.95 23.43 19.53 20.78

Our_class  44.19 57.69 49.36 26.39 34.64 29.53 34.93 42.51 38.03

Our_Trans 44.01 57.72 49.26 26.36 34.75 29.56 35.61 43.41 38.81

Our_RNN

4 #5i(Conclusion)
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