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bc toll collection systems, etc., which can reduce traffic congestion to a certain
is paper proposes to use the functions of the OpenCV library to complete license plate
f the characters. On this basis, a convolutional neural network is built by using Keras

ework for recognizing the Chinese characters, numbers and letters in the license plate. The

accuracy rate of the license plate Chinese character model evaluation is 92.4%, and the accuracy rate of model evaluation for

identifying numbers and letters together is 95.6%, which verifies a good recognition effect.
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Fig.1 Original image of license plate
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Fig.2 The grayscale image of the license plate
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Fig.3 The edge detection results of Canny operator
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Fig.4 The result of morphological calculation
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Fig.5 Correction result of original license plate image
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Fig.6 The positioning result of license plate
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Fig.7 The segmentation results of license plate racters
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Fig.8 Structure diagram of convolutional neural network
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