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ividual pig is of great significance to realizing the fine management of pig breeding
\nformation upgrading of pig breeding industry. Aiming at the detection difficulty of
ouse, this paper proposes an improved pig target detection algorithm based on SSD
work, taking into account the needs of real-time monitoring. Firstly, a large number

ed to train the improved SSD network; then, the individual pig target detection network is

evaluated; finally, the netwotk model is tested with real pig house video. Results show that the improved SSD network has an
average accuracy of 96.38% in the detection of individual pigs, reaching an average of 21.6 FPS (Frames Per Second) in the
actual video with illumination change and target occlusion. Through random sampling of image frames, it is found that the
missed detection rate is reduced by 3.65%, and the false detection rate is reduced by 1.45%.
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Fig.1 Diagram of SSD network structure
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Fig.2 Diagram of improved SSD network structure
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Tab.1 Experimental environment and configuration
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.2 Comparison table of performance indicators before

and after the improvement of SSD network model
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Fig.3 Diagram of video detection results
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Tab.3 Comparison table of actual video detection results

before and after the improvement of SSD network model
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