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Abstract: At present,
are not satisfactory due t
concentrations at a m

forecasting process to achi

simulation system is often used to forecast air quality, but the forecast results
d simulation condition. Therefore, based on the actual measured data of pollutant
it¢, this paper proposes to use these actual data to correct the primary forecast data during the

better forecasting results. Using Extreme learning machine model to train the forecasting of

= (Introduction)
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data, taking the weighted combination of two indicators, AQI (Air Quality Index) and the error of primary pollutants, as the
fitness, the model is optimized by genetic algorithm to obtain more accurate forecast results. The rolling forecast method is
used to reduce the forecast error when forecasting the location and time data. The forecast error is reduced by more than 5%
compared with that of primary data, and the results show that the optimized model has a great improvement in the accuracy
of air quality forecast.
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Fig.1 Partial data of SO, monitoring concentratio
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Fig.2 Interpolation results of SO, monitoring

concentration with missing values
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Fig.3 Interpolation results of SO, monitoring
concentration with removal outliers
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Fig.6 NO, reality—prediction—error
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Fig.9 O, reality—prediction—error
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