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Abstract: In the context of Vita’lzation strategy, this paper proposes to design an agricultural decision-making

information mining system fo ems of information asymmetry and information transmission lag among agricultural
producers, consumers and t policy makers as well as the decentralization of agricultural data. This research takes
agricultural data charat and the features of big data technology as the research objects. Firstly, the system integrates
multi-source heterogeneous @ata through database design, breaks the barriers between different data, and provides decision
support for agricultural producers and consumers based on the system development scheme of front and back-end separation.
Secondly, big data processing technologies such as Long Short-Term Memory (LSTM) is used to predict the deep learning
trend of sequential agricultural data, mine the potential information of agricultural data, and design a specific application
scheme integrating data processing technology in the Web platform. The analysis results show that the proposed system can
help agricultural producers and consumers fully explore the potential value of agricultural data.
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Fig.1 Platform function of agricultural decision
information mining system
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Fig.5 Detection of rice blast image samples
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