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Abstract: In recent years, k
application of social entities an
personnel relationship, an
case-person relationshj

used to construct the ont

dge@aph has been gradually applied from traditional knowledge analysis to the
ationships. This paper proposes to study the application of knowledge graph to
ource is obtained by taking the epidemic case-person relationship as an example. The
onstructed by data preprocessing and knowledge extraction, etc., and the Protégé tool is

which is imported into Neo4j graphic database for storage. Finally, a knowledge graph of

case-person relationship is built, realizing the visual query of case personnel and their relationship information. Meanwhile,
the centrality algorithm and the degree centrality algorithm of Neo4;j are used to analyze the infectivity and contact number of
all case persons, so as to find out among the cases, persons with strong infectivity and more contacts. It provides a reference
for the establishment of the future disease prevention and control system, and also has certain practical value for the research
and analysis of the case-person relationship.
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Fig.1 Key technology architecture diagram of knowledge
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Fig.2 Partial screenshot of building ontology with Protégé
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Fig.3 Partial screenshot of case relationship knowledge
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Fig.5 Diagram of finding all cases by close contact
relationship
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Fig.7 Diagram of PageRank rithm analysis result
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Fig.8 Diagram of degree centrality algorithm analysis result
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