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ositioning accuracy of complex and multi-scale object detection
improved YOLOV5 networks with attention mechanism modules based
ction algorithm, and their comparative tests are conducted on multi-scale detection
how that compared with the benchmark YOLOVS network, the mAP index of
d by 9.0%, but the model calculation amount is as high as 1061.6 GFLOPS (Giga
cond); the mAP index of CA-YOLOVS5 network is also improved by 4.1%, and only

efore, using the SwinTrans-YOLOvVS5 network can achieve higher detection accuracy when

the hardware computing power is sufficient, but using the CA-YOLOVS network when the hardware computing power is

insufficient can achieve a good balance between detection accuracy and speed.
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2 HUHEIYOLOvVSMZZHYiZ 1T (Design of improved
YOLOVS5 network)
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Fig.1 Diagram of YOLOVS5 network structure
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Fig.2 Network structure diagram of CA attention module
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Fig.3 Diagram of CA—YOLOVS network structure
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Fig.6 Network structure diagram of Transformer Encoder
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Fig.7 Worlvtructure diagram of BasicTrans—YOLOv5
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3 THEREHHT(Experimental results and
analysis)
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Tab.1 Performance comparison of improved YOLOvVS5 networks
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