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Abstract: With the increasingly fierce co@nemet business at present, small and medium-sized enterprises

are in urgent need of big data system to support b

of implementing big data marketing is

paper proposes to design a set of g
realized through the process s
is used to realize rapid dep

reduces the use and main

ss operation, but big data talents are generally in shortage and the cost
ich. A‘lmg at the business scenarios of small and medium-sized enterprises, this
big data governance solutions. The automatic calculation of big data models is
tem and big data computing platform. At the same time, the container technology
meet the big data scenarios. Open source tools are used in all solutions, which greatly

costs. The platform has strong scalability, and the highly stable system supports data

visualization. Big data operation needs of small and medium-sized enterprises are, therefore, met at a lower cost.
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