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Abstract: Aiming at th s of wearable ECG devices, such as long-term ECG (electrocardiogram) recording,

real-time classification, onitoring and analysis of ECG data, this paper proposes to develop a general system
of automatic classification O hythmia bases on deep learning model. This system docks medical-grade ECG acquisition
terminal, realizing real-time monitoring and analysis. The deep learning model deployed in the system is constructed based
on residual network. Its training and testing are performed by using the data set provided by 2017 PhysioNet/Computing
in Cardiology Challenge (CinC2017), and the training and testing results show that the model achieves good performance.
The system is deployed on the Ali Cloud server through Nginx (A reverse proxy server) and has been able to run stably. The
ECG acquisition terminal, which is attached to the patient, automatically monitors and analyzes the data through real-time
feedback system of the user App terminal and the doctor back-end, and it shows a good classification effect. The proposed
system can be used for anyone with a risk of cardiovascular disease, playing the role of early detection and early prevention.
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Tab.1 Results of network model

P ks
fiths T pat Hhib Wk ea
Fl 88.10 78.00 50.30 87.60 87.60
HER%/ % 92.60 98.60 91.20 100.00 96.40
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