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Abstract: Action prediction faces problem¥ such as pedestrian parts occlusion, background interference, different

camera angles, different pedestria ture,@rge appearance difference, and difficulty in extracting pedestrian motion

information. This paper propo action prediction method based on grid partitioning skeleton. Firstly, the

bottom-up method is us act the bone information of pedestrians, and then the action characteristics of
pedestrians are extracts ing the distance measurement features and angle measurement features of human
joints. By comparing ints action characteristics of two consecutive frames, the probability of the movement
type of a single joint in the next frame is determined, and the movement of pedestrians in the next frame is determined
by weighting the movement type of the next frame. The probability of predicting the upward movement of the right
foot joint by the proposed method is 92.3% .
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Fig. 1 Flow chart of action prediction method based on
grid partition of skeleton
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Fig. 2 Pedestrian skeleton estimation and its angle

characteristics in the previous frame
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Fig. 3 Post-frame pedestrian skeleton estimation and

its angular characteristics
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Fig. 4 Pedestrian grid partition results
3 I 54 R 4 # (Experiments and analysis
of results)
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Tab.1 Type and proﬁﬂty of joint movement
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Fig. 5 The accuracy of different observation ratios on
sub-JHMDB dataset
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Tab.2 Maximum accuracy and action observation ratiggon

different datasets
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