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ely analyze, guide, and manage public opinion triggered by social emergencies. this
paper proposes to adopt SSM (Spring + SpringMVC +MyBatis) architecture to design and implement a comprehensive
platform for collecting, de-repeating, analyzing, processing and visualization of Weibo public opinion information under
the big data environment. At the same time, the data processing of public opinion analysis is introduced, and the
specific algorithms of text sentiment analysis and text similarity calculation are also introduced. The system realizes
trend warning and effective supervision of Weibo public opinion information through three sub-layers: data acquisition
layer, data processing layer and data display layer. At present, the tracking and trend warning of relevant hot topics of
public opinion on Weibo have been completed on the platform. In practical application, it is observed that the efficiency
of public opinion data analysis can reach more than 90% when the daily collection volume of a single machine is about
1 million.
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Fig. 1 System run diagram
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Fig. 2 Functional map of microblog public opinion analysis platform
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def train(self, data):
£ data PREAL S IEREAS AL fAREAR
For d in data: # data
# dl1]: B/ SRR m bRl
C=d[1]
If ¢ not in self. d:
sell. d[ ¢]=AddOneProbO) # Ky #1G1k
For word in d[0]: # Z3ial%55 i g —4~1)
self. d[c]. add(word, 1)
self. total= sum (map(lambda x: self. d[ x]. getsum(), self. d.
keysO)) # WU d HAYFT sum
Class AddOneProb(BasePro

Def __init__(self) ;6&
0

self. d={}
BRINTA 1Y none 24 1

self. tot
# 1y ﬁﬂ%slue WEETF 1,000 key NELERS, BINAYIE 2
ddd(self, key, value):
% total +=value

I list

0.

self. none

AIFAEZ key B TR key
If not self. exists(key) :
self. d key =1
self. total +=1
self. d key] +=value
Def classify(self, x):
tmp=1{}
For k in self. d: # IEZE A2
tmp[ k]=log(self. d[k]. getsum ())-log(self. total) # IF/ff
FEM BT Z AN log PREL
For word in x:
tmp[ k] +=Ilog(self. d[ k]. freq(word)) # a4l , N1E
TEFEH 0
ret, prob=0, 0
For k in self. d:
Now=0
try:
For otherk in self. d:
Now +=-exp(tmp[otherk -tmp[k])
Now=1/now
Except OverflowError:
Now 0
If now > prob:
ret, prob=k, now

Return (ret, prob)
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