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management personnel. proposes to apply intelligent video technology based on human recognition to computer
room monitoring. It can perform real-time processing and analysis of monitoring videos, extract characters from the videos, and
automatically recognize facial information which is then compared with information in the database. In addition, the system can
identify and monitor the behavior of personnel in the computer room, automatically identifying abnormal behaviors and issuing
warnings. Experimental results show that the accuracy of the system in identifying personnel in the computer room is about
87.86% , and the accuracy of identifying coma and falling behaviors of personnel is about 92.61% . It can effectively identify
information and behaviors of personnel in the computer room and assist users in managing the computer room.
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Fig. 1 The block diagram of system overall design
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Fig. 2 The diagram of monitoring device parameters
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Fig. 4 Identification of authorized personnel
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Fig. 5 The flow chart of abnormal behavior detection
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