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Abstract: In orde prove the problem of poor user experience in traditional intelligent customer service

based on text interaction, $Whis paper proposes to endow digital humans with real faces based on 3D reconstruction and
use virtual engine for real-time rendering. Rasa (an open-source machine learning framework for building dialogue
robots) is used to train Chinese Q & A for different scenarios. Text is transformed into audio by TTS (Text To Speech)
algorithm, and then the audio is mapped to digital human facial deformation weights by lip synchronization algorithm.
This weight is ultimately used to drive facial animation and realize the function of voice conversation between users
and high-fidelity digital humans. After testing and statistics in different age groups, the user satisfaction rate is as high

as 96%, providing an optimization solution for improving the experience of intelligent customer service.
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Fig. 1 Overall architecture diagram of dig umg customer

service syst
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Fig. 2‘) reconstruction process of face
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Fig. 4 Lip synchronization algorithm
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Fig. 5 Influence on facial animation when MouthRight is 0. 505 14
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Fig. 7 Unreal engine end display of digital human
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