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Abstract: As an emerging data proce@sis technology, data lakes have shown significant efficiency

in processing large-scale datasets. In recent year$] relevant literature at home and abroad has conducted comprehensive

and in-depth research on the a
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tly, the concepts of data lake and data warehouse are analyzed and the
riffed in this paper. Secondly, framework and architecture of the current popular data
functions of the data lake are elaborated, including the integration of multi-source

calculation, and effective data governance. Finally, the future development directions of

data lake research are explored, such as storage and computing separation technology, and cloud native applications.
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