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Abstract: This paper pro; odel based on BERT-BiGRU to address the limitations of contextual semantic

understanding in medical wering (Q&A) systems when dealing with complex problems. A pre-trained
language model BERT irectional Gated Recurrent Unit (BiGRU)are used to establish a medical Q&A system,
where BERT extracts features of the text, while BiGRU learns the order dependency information of the text,
thereby comprehensively representing the semantic structure information of the text. Compared with the benchmark
method on the CBLUE medical Q&A dataset, the proposed model achieves an accuracy improvement of 79.22%, a
recall improvement of 81.23%, and an F1 value (harmonic mean of accuracy and recall) improvement of 79.82% in
intention recognition tasks. Research has shown that combining BERT and BiGRU models can better understand the
semantic and structural information of medical questions, significantly improving the performance of medical Q&A
systems.

Key words: BERT; BiGRU; knowledge mapping; intention recognition; medical Q&A system

0 3|3 (Introduction) — BB AR R VR L AN [R5 4 | O A2 4% 0 = 7 B B A
SR PR 1 Rl S SR R R B T TR ey ORD NS AR R AR Y BT IR R 45
Wit AT RN KB | S S AR T BT YT (S B i ARFSEARIR ARSI T 35T BERT 1 BiGRU 4

FTURBEREHRANAMHT 1T LB 5 Y7 R 5 M BCR MR OF e BREBITIE RG. AL LM BERT 2238 SCRHIE . FI
BT AR B IR0 RE R RS 0 BT RO R 2 BIGRU 2 2] JRSUREAR AR D54 1T L i il b 3 7 SCAR I XL

WH H 391 2023-07-12
FEAIH 2021 4RFET 7R 445300 1 50 F st AU 0T G — 15 BB A 30 B 3T KB 1A 658 o S R AR F9E (2021ZDZX3020)



12 BT AR

20244F3H

FESHAE R . FETH SCRUF FIRHE R IR Bl L AR g T

By 7 TV P 335 3 3 P PR S AR ) 24 2R G 1 R TR e )

PR DA TR 58 [ 250 14 81 i T R Af 1

1 T BERT-BiGRU RE ) B EEfTia & &
%t (Intelligent medical Q& A system based on
BERT-BiGRU model)

1.1 BEEETRERGENHESIN

ARSI HE B ERYT B RS AIE LT 4 M. A ML
AR AT TA T AR R | R YT R PR R R A R S A
e, I RS R A SO AR SR 2l A R
HEE ARG A HR AR AL FE ) A R A R A T R IR
MEER, FEX AR RGARNS A ShIR B ) H A SR B
RS B W S R AT TR L B o e B Rk
B AL R AR PR3 4R 0 L IR SRR S AT A
WL A g R, B 1 ER T 3T BERT-BIGRU =8 g &
B ERIT NS RGN AR

RS HER

AHZEER

ETEERSEHR

S S

1
|
|
! P ‘
i

%—————{@ﬁﬁﬂ@*mﬂ

B 1 AT BERT-BIGRU B A 64 %5 % B 75 19 4 % 45 69 208,36 &
Fig. 1 Components of intelligent medical Q&.A
system based on BERT-BiGRU model
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Tab.1 Information table of entity, attribute and relationship
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Fig. 2 Display of some nodes in the medical knowledge map

constructed through Neo4;j
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Fig. 6 Display of some output results of intelligent Q& A
system based on BERT-BIGRU model
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