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thgthe NSGA- Il algorithm has low selection pressure in many-objective
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1gh-dimensional space, this paper proposes a NSGA-I algorithm based on
lume can accurately evaluate the advantages and disadvantages of individuals in
iduals in the population are compared by simplified hypervolume instead of crowding

ith better convergence and distribution are retained when updating the population. The

comparative experiment with four many-objective evolutionary algorithms (NSGA-IlI, MOEA/DD, KnEA, RVEA)
shows that the proposed NSGA- | algorithm based on simplified hypervolume achieves a better solution set when

solving most test functions, which proves its excellent performance in handling many-objective optimization problems.
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ig. 2 Schematic diagram of simplified HV
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Fig. 1 The convergence and distribution estimated by the
simplified HV
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Tab.1 The mean and standard deviation measurement values of

IGD obtained from testing of the proposed algorithm,
NSGA-II, MOEA/DD, KnEA and RVEA
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