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Abstract: This study medical image processing approach based on computer vision and machine
learning. X-ray images a

features via the VG

processed using image processing techniques, followed by extracting high-level
ained model. Bayesian and KNN classifiers are then employed to train the model, which
is evaluated across diversé¥datasets. Experiments demonstrate that the model achieves an accuracy of approximately 0.9,
enabling precise identification of lesions in images. Through pixel difference calculation and Gaussian blur processing,
it visually highlights regions of change. As data volume increases, the F1-score exceeds 0.8 and recall surpasses 0.9.
This indicates the method’s suitability for routine imaging tasks, providing accurate analysis even for noisy images or
subtle lesion variations, thereby assisting doctors in lesion identification.
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Tab. 1 Classification model performance comparison diagram

D

Brhidle 500 FEA Brhidl 1000 KA Brilidl 1500 KA

1R

A P R F1L A P R FI A P R FI
SVM  0.667 0.500 0.800 0.667 0.667 0.500 0.943 0.775 0.867 0.601 0.950 0.810
RF  0.223 0.223 0.732 0.500 0.333 0.333 0.900 0.676 0.333 0.425 0.840 0.576
KNN  0.333 0.333 0.750 0.500 0.373 0.353 0.885 0.602 0.473 0.387 0.891 0.697
NBC  0.333 0.333 0.760 0.500 0.366 0.374 0.847 0.630 0.417 0.365 0.847 0.760
KBC  0.875 0.500 0.825 0.700 0.875 0.500 0.956 0.710 0.975 0.700 0.960 0.835

MFEHE A LUE 1, KBC(KNN 5 D01 37 5 285 A8 50 78
ANFERNEIG S T IR &R, JoHAE 500 MEEAR BTN
LR N 0.875, A AIF K 0.825, F1 {H 4 0.700, X F 1
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